Estimating historical tumor growth dynamics from bulk
DNA-seq data with clock-like mutational signatures

and variant allele frequencies
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We simulated birth-death processes in which birth rate
Increased or decreased over time. Cells accrued SBS5
mutations at a constant rate through time, and SBS1
mutations only at cell divisions.

* Challenges remain to ensure that SBS1/SBS5 activity
estimation is robust enough for this type of inference.
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